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Naive Bayes, SVM, CNN, Bi-directional LSTM
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— Accuracy : (True Positive + True Negative)/ALL sample
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SVM Classifier

72 (Kernel) E&l= 0| 8¢t H[HUY HO|H =&
A2 &7 S ItetolH

1) MA FH4Y(Linear Kernel) : Cost, Gamma

2) RBF 7 < (Radial Basis Function Kernel : Cost, Gamma

3) A|220|E 7{<4(Sigmoid Kernel) : Cost, Gamma, Coefficient

4) CtatAl 7 H (Polynomial Kernel) : Cost, Gamma, Coefficient, Degree

SVM Architecture

Parameter
SVM_Model_.1  SVM_Model_ 2 SVM_Model_ 3  SVM_Model_4

Linear Sigmoid Polynomial

1 0

.8 1 0.9
Gamma 0.0048 0.0040 0.0047 0.00047

Coefficient 0.001 0.001

Linear Kernel: Kz, .x;) = (z_.x;)

RBF Kernel - K(z,.z;)=exp(—ylz,—z; |1+ O)

Sigmoid Kernel : K(x,.z;) =tanh(y(z, .z;)+r)

Polynomial Kernel : Kz .xz;) = (y(z_.z;) +r)
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CNN Classifier

CNN Model

Sentence Matrix

Token index

Convolutional Max-Pooling
Layer

Feature map

Token Embedding Dimension

Fully Connected Layer
with dropout and LogSoftmax

CNN Classifier(
Embedding: dimension(13360, 128)

CNN-3-100 : Con2d(1, 100, kernel_size=(3, 128), stride=(1,1))
Activation : ReLU()

CNN-4-100 : Con2d(1, 100, kernel_size=(4, 128), stride=(1,1))
Activation : ReLU()

CNN-5-100 : Con2d(1, 100, kernel_size=(5, 128), stride=(1,1))
Activation : ReLU()

Generator : Linear(in_features=300, out_features=7)

Pooling: Max-Pooling

Dropout : Dropout(p=0.3)

Activation: LogSoftmax()

)
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Bidirectional LSTM Classifier

2019-03-19

Token Embedding Dimension
Token index L} Bi-LSTM C|aSSIerr(

Embedding : dimension(13360, 128)
RNN: LSTM(num_layers = 4, bidirectional = True)
Generator : Linear(in_features=512, out_features=7)

Dropout : Dropout(p=0.3)
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Bi-LSTM Model Forward LSTM Backward LSTM Fully Connected Layer
Layer Layer with dropout and LogSoftmax

Activation: LogSoftmax()

Output
SAD




4 28 ™M= r (Accuracy) H| il

SVM_Model 1 77.96 87.25
SVM_Model 2 68.71 76.25
Machine
_ SVM_Model 3 76.85 86.31
Learning

SVM_Model_4 75.04 84.08

NB_Model 50.57 65.73

Deep CNN_Model 81.95 90.65
Learning Bi-LSTM_Model 85.10 92.95
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